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The stock market, as one of the vital components of the capital market, is
an important part of the country's economy that can manage the flow of
capital, optimize capital allocation, and thereby contribute to economic
growth and development. More accurate prediction of the stock market
trend can help investors' decision-making for higher returns by reducing
risk. In general, the stock market is constantly changing and many factors
influence the trend of this market, so predicting the patterns of movement
in the stock exchange requires sufficient information about the past and
influencing factors of the market. This article is part of the forecast of the
stock market index of Iran, seeking to interpret the model and identify the
most influential economic variable on the price index prediction. For this
purpose, daily stock market and economic data, during the period 1387-
1401 were used. Machine learning models are also used for prediction and
the Shapley Additive exPlanations (SHAP) to interpret how to predict and
determine the most important variables in the predictive model. Based on
results from tree-based ensemble methods, Gradient Boosting (GB),
performed best based on predictive error criteria. In the study of the
feature importance is also based on the Gradient Boosting model, in order
of the liquidity (M2), dollar rate (ER), transaction value (TV) and
unemployment rate (UNR), the most important economic variables
influencing the forecast model. Also, according to other models used in
the research, liquidity is the most effective variable on the stock index
trend. Finally, it can be said that the most effective monetary variables on
the stock market index in Iran are liquidity and exchange rate variables,
so monetary policymakers and stock market investors should be more
sensitive to these variables in their decisions.
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